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Abstract In association rule mining, though the FP-Growth algorithm is approximately one order of magnitude faster than the Apriori
algorithm, but it has two disadvantages: the first is that its frequent pattern tree may be too big to be created in the memory; the second is its
serial processing approach. In this paper we propose a kind of distributed parallel association rule mining algorithm. It is for the distributed
applied data framework, does not need to create the global FP-tree so avoids the problem of too big the global FP tree that fills the memory to
excess. In all its principal steps the algorithm achieves parallel processing. Test result and analysis of the algorithm show that compared with
conventional association rule mining algorithm FP-Growth, this one significantly improves the executing efficiency and the processing ability by

multi-node distributed parallel processing.
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