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Abstract Association rule shows its advantage in disease diagnosis-based gene expression data for its good interpretability. However, the

large number of rules in high dimensional gene expression data blocks its application. To mitigate this problem, we present the regularised
Gaussian mixture model ( RGMM ) ,

description length framework, by discretisedand continuous gene expression data it relieves the over-fitting phenomenon in supervision method

it mines the complexity of discretisation model and information loss criterion according to minimal

and improves some shortcomings in unsupervised method. The effectiveness of the proposed method has been verified by the extensive
experiments on six classification data sets. Experimental results show that the proposed RGMM has better practical applicability in real-life

gene expression data sets compared with several latest approaches.
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