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Abstract Under the condition of small sample, the average of all training samples used in traditional two-dimensional principal component
analysis (2DPCA) is not always the scatter centre of the samples. In addition, the generalised low rank approximation of matrix ( GLRAM)
algorithm has to iterate many times for seeking the solution of the left and right projection transformation matrix, resulting in high degree of
complexity. In order to solve these problems, we get the right projection transform matrix by making use of sample median-based 2DPCA algo-
rithm (M2DPCA) and through covariance matrix, and obtain the left projection transform matrix by further reducing the dimensionality of pro-
jection feature matrix of M2DPCA. Then the palmprint recognition algorithm of the generalised low rank approximation of matrix is proposed.
Experiments on PolyU palmprint database indicate that while the improved GLRAM saves a lot of training time, it also gets better performance

than GLRAM in image reconstruction and recognition rate.
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