Vol. 32 No.4
Apr. 2015

532 55 4 0
2015 44 A

i F AR R 5 B

Computer Applications and Software

18 5 SIRE SR M #% PCA By B RE R N BR iR 51
A SR VE S

PO ASAE BB P9I AR 610065)
POPNRESALEERE ) B 610065 )

W E  HAERANARRAEEESEMNARGEMNNGHEANRA R ET RO FE A, RETERFIERRASE RS
AN ERAANR R E R, Hh, AR ZMBRAINEEEAR, FENRNEHEASERNEFERE T EAN SN HH R
Pl & s 5 )5 FIEL 2 Bty KPCA S0k HEAT AR SR B, 4 T A & A J5 o SR A AR A IR B AR % B AR F % W5 e, 1 R R 22 40
R B TR LM R o A Yale X FERET % A A A o 2k B Lo Sl 2 RFK A 40 He E Al JL AR B R et 9 AR R A B %,
FHERAR T EFWEFARRAIBR,

XK ABRA BEREA BAFIER
hE 4SS TP391 XHkFRIRE A

CEN ¥ vl

PEPES

DOI:10.3969/j. issn. 1000-386x. 2015. 04. 038

SINGLE SAMPLE FACE RECOGNITION WITH KERNEL PCA
OPTIMISED BY GENERIC LEARNING FRAMEWORK

Chen Fei' Zhang Hongbin®
! (School of Electrical Engineering and Information, Sichuan University, Chengdu 610065 , Sichuan, China)
2 (College of Computer Science, Sichuan University, Chengdu 610065, Sichuan, China)

Huang Shan'~

Abstract

has only one training sample, we propose a single sample face recognition algorithm which uses generic learning framework to improve kernel

For the problem that the recognition performance of traditional face recognition algorithms degrades seriously when each person

principle component analysis (KPCA). First, it selects a suitable generic training sample set and superposes each single training sample over
the multiple training sample of a certain person in generic training set in proportion. Then, it uses typical KPCA to extract the features and
projects all superposed training and testing samples onto feature subspace. At last, it uses the nearest neighbour classifier to complete the

finale face recognition. Experiments results on two popular face databases of Yale and FERET show that the proposed algorithm achieves better

recognition effect on single sample than several other relatively advanced face recognition algorithms.
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