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SUPERVISED LEARNING-BASED MICROBLOGGING
SENTIMENT CLASSIFICATION METHOD
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Abstract With the rapid development of online social networks, microblogging platforms gather a lot of subjective sentences which con-
tains the sentiment. The sentiment in a microblog can affect the formation of audiences’ opinion, and can act on business intelligence, policy
development, and even the stock market. Microblogging sentiment classification refers to how to automatically extract the emotion polarity and
different emotional categories, such as love, anger, surprise, etc, from microblogs. Combined with emotional lexicon ontology and synonymy
thesaurus, we extracted the characteristics with different categories from microblogging text, and used the supervised learning method to clas-
sify the microblogging sentiment. Different models are optimised in learning process. The error analysis and fitting analysis are processed re-

spectively as well, and the performances of different models are compared. This classification algorithm achieved competitive result in NLP &

CC 2013 evaluation task.
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