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SENTIMENT CLASSIFICATION OF CHINESE SHORT TEXT BASED ON
PARALLELIZED RECURSIVE NEURAL NETWORK

Xie Tie Zheng Xiao Zhang Lei Wang Xiujun
(School of Computer Science and Technology ,Anhui University of Technology ,Maanshan 243002 ,Anhui ,China)

Abstract A significant application of sentiment analysis is to determine the user’ s semantic orientation in product
reviews which are generally short texts. Traditional methods often acquire the shallow characteristics of words for
sentiment analysis through bag-of-words model. However, the model trained through these simple characteristics doesn’ t
have a good performance in short text, especially complex syntax context. Through using deep recursive neural network
to capture the semantic information and introducing a Chinese sentiment training treebank as the training set to find the
sentiment information, a relatively higher accuracy on five-class short text sentiment analysis is achieved. Aiming at the
problem of training time efficiency in large scale data, the parallelization is implemented through Spark, which can

enhance the scalability and time efficiency of the model.
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