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INTELLIGENT DISCRIMINANT METHOD OF LOGICAL RATIONALITY
BETWEEN SENTENCES IN CHINESS COMPOSITION

Liu Jie Sun Na Yuan Kerou Yu Xiaoyan Luo Liming

(College of Information and Engineering, Capital Normal University, Beijing 100048, China)

Abstract In composition evaluation, logical rationality between sentences is an important indicator to evaluate the
ability of language application. From the perspective of text classification, this paper made a qualitative analysis of the
logical rationality between sentences of paragraphs. According to the fact that the position of the sentence was relatively
fixed in a logical and reasonable paragraph, we applied the existing text classification algorithms based on traditional and
deep learning into the discrimination of logical rationality between sentences of paragraphs in character composition in
primary and secondary schools. The experimental result shows that it is effective to use the classification model to
distinguish logical rationality between sentences of paragraphs. On this basis, the keyword selection method representing
the features of the sentence was further proposed. The experimental result shows that the method of using sentence
heading keywords, sentence ending keywords or the combination of the two as the sentence features can represent the

sentence information better than all the sentence keywords, which significantly improves the accuracy of discrimination.
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