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APPLICATION OF IMPROVED PSO-BP NEURAL NETWORK ALGORITHM IN
THE PREDICTION OF THEFT CRIME

Zhu Xiaobo
( Department of Public Order, Shanghai Police College, Shanghai 200137, China)

Ci Jinfang

Abstract Aiming at the problem that BP neural network is sensitive to the initial weight and easy to fall into local
optimal solution, we introduce PSO to search the network weight globally, and BP neural network weight update method
was used to further update the weights and thresholds of PSO. We constructed an improved PSO-BP neural network
model to predict the number of general theft crime. We applied the data of theft crime in Chicago in the United States
from 2015 to 2017, as well as the data of total population, median housing price and undergraduate rate and other 11
influencing factors, and conducted a predictive comparison experiment on the model before and after improvement. The

result shows that the improved PSO-BP neural network model successfully overcomes the defects of the BP model, and

the relative error is reduced from 4.68% to 1.635% .
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