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Abstract Recommendation system is an extremely effective method for the phenomenon of information overload.
Collaborative filtering algorithm has been widely used in recommendation system since its introduction, but it also has a
few of shortcomings such as low recommendation accuracy and difficulty in processing sparse data. This paper presents a
collaborative filtering recommendation algorithm combined with category preference. On the basis of the original algorithm
calculating user similarity, combined with the similarity of user category preference, the nearest neighbor was calculated ,

and the recommendation result was obtained. The experimental results show that this method can effectively combine the

users’ category preferences, and has better recommendation effect than the traditional collaborative filtering algorithm.
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