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Abstract Aiming at the problem of drifting distress target and the way of approaching quickly in the process of
unmanned rescue at sea, a target tracking algorithm based on theory of deep reinforcement learning is proposed, which
makes unmanned rescue vessel learn to autonomous driving to track drift target optimal decision during the interaction
with environment. With the assistance of SART, the vessel got close to the drift distress target in shortest time through
self-learning. A three-dimensional simulation environment was established in the Gazebo physics simulator. The

simulation experiments of linear drift trajectory and irregular drift trajectory were designed respectively based on ROS.

The effectiveness of the proposed method is verified through multiple independent learning and training.
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