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(School of Information Science and Technology, Dalian Maritime University, Dalian 116026, Liaoning, China)
Abstract Aiming at the problem of finding dense subgraphs in the sliding time window, this paper proposes an

effective dynamic algorithm, which combines the time window to divide the network timeline into % non-overlapping
intervals, and the interval contained subgraph with the maximum density. The input to the algorithm was an edge stream,
and the output was a series of dense subgraphs and corresponding time intervals. In the state-of-the-art solutions, the
entire graph needs to be iterated when the graph is updated, our algorithm only affects the limited region of the graph,
only the dense subgraph needs to be locally updated. Combined with theoretical analysis, it is proved that the algorithm
is faster than the baseline KGOPTDP and KGOPTDS. The experimental results on multiple sets of data sets show that the

algorithm has high efficiency and good scalability and can be used to process large-scale temporal graphs.
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