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Abstract

conventional permanent magnet synchronous motor( PMSM) and the problem of speed overshoot, a direct torque control

Aiming at the shortcomings of torque ripple and flux linkage ripple in the direct torque control of

strategy based on nonlinear auto disturbance rejection control is studied. The traditional PI Controller was replaced by the
nonlinear active disturbance rejection controller, and the speed loop active disturbance rejection controller was designed.
The extended state observer in ADRC could estimate the external disturbance and the unknown system parameters, and
controled them by means of compensation to improve the system anti-disturbance performance. The differential tracker
smoothed the given speed so that the system could quickly track the given speed signal and improve the system’s response

ability. The simulation results show that the strategy is reliable and effective.
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